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Abstract

This paper designs and tests a fundraising strategy that allows for
present-biased preferences among donors. The strategy, Give More To-
morrow, was implemented as a randomized �eld experiment in collabora-
tion with a large charity. 1134 donors that make monthly contributions
were randomly assigned to one of two treatment groups. In the �rst group,
monthly donors were asked to increase their donations starting immedi-
ately. In the second group, monthly donors were asked to increase their
donations starting two months later. Mean donations were 32 percent
higher in the latter group, a highly signi�cant di¤erence. Donations con-
ditional on giving were also signi�cantly higher in the latter group. The
e¤ect of the GMT strategy is economically large and highly pro�table to
the charity.
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1 Introduction

Many charities ask donors to commit to monthly contribution schemes. Monthly

contributors give a �xed sum every month, which is automatically deducted from

their bank account. These donors are the most pro�table ones for a charity. On

average, they give more than donors who contribute sporadically. They also

facilitate the long-run �nancial planning of the charity, and they reduce the

administrative and fundraising costs.

What will in�uence a donor�s decision to commit to a monthly contribution

scheme? If the costs and bene�ts associated with contributing to a charity occur

at di¤erent points in time, the answer will depend on the donor�s intertemporal

preferences. More speci�cally, it will be of importance whether donors are time

consistent or whether they exhibit present-biased preferences.1 While time-

consistent donors have a constant discount rate, donors with present-biased

preferences will have a relatively high discount rate over short horizons and

relatively low discount rate over long horizons.

This paper designs and tests a strategy aiming at increasing donations to

a charity by taking into consideration present-bias preferences. The strategy,

Give More Tomorrow (GMT)2 , consists of asking existing donors to commit to

an increase in their monthly contributions starting from a period in the future.

If the donor agrees to an increase in donations, the higher sum will automatically

be deducted from his/her account on a monthly basis.3

A simple theoretical framework presents the intuition behind the GMT strat-

egy. We combine a model of impure altruism (see, e.g., Andreoni, 1989, 1990)

with a model of present-biased preferences (see, e.g., O�Donoghue and Rabin,

0Acknowledgements: I would like to thank Diakonia for excellent cooperation throughout
this experiment. Comments from Tore Ellingsen, Sebastian Giwa, Magnus Johannesson, Elena
Paltseva, Jörgen Weibull, Niklas Zethreus and Robert Östling and from seminar participants
at the Stockholm School of Economics and at the IIES, Stockholm University are gratefully
acknowledged.

1The term "present-biased" preferences is used by O�Donoghue and Rabin (1999) while
Laibson (1997) uses the term "quasi-hyperbolic", Krusell and Smith (2003) "quasi-geometric",
and Weibull and Saez-Marti (2005) "quasi-exponential". Throughout this paper, the term
present-biased preferences will be used.

2This name is a tribute to the seminal paper of Benartzi and Thaler (2004) "Save More
Tomorrow" that designs a savings scheme that takes into account present-biased preferences
and loss aversion. The SMarT scheme signi�cantly increases participants�savings rates. For
further discussion on how this paper is related to theirs, see section 3.

3There is no end date, but the donor is free to opt out at any time. The average monthly
donor remains with this charity for seven years and drop-out rates tend to be very low. To
drop out, the donor must call the charity or alternatively his/her bank and ask them to stop
the monthly contributions. No written noti�cation is required.
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1999). In a model with impure altruism, donors derive utility from the public

good to which they are contributing, but also from the act of giving (the warm-

glow). The warm-glow from giving occurs when a donor commits to giving, while

the public good is realized in a future period. In a three-period model, we com-

pare the donor�s optimal contribution in two cases; (1) when the donor is asked

to make an immediate contribution, and (2) when the donor is asked to make

a contribution in the following period. The model predicts that donors with

time-consistent preferences will give the same amount in the two cases, while

donors with present-biased preferences can be expected to give more when they

are allowed to postpone the payment. Furthermore, we show this prediction

to hold, notwithstanding if donors are pure altruists, impure altruists or solely

motivated by warm-glow.

The GMT plan was implemented as a randomized �eld experiment in col-

laboration with Diakonia, a large Swedish charity. Diakonia was chosen for two

reasons. First, the projects �nanced by Diakonia support long-run sustainable

development in poor countries.4 Thus, donors contribute to a public good that

will have positive long-run consequences, but no immediate e¤ect. Second, the

fact that the recipients are in foreign countries means that donors�motivation

to give should stem from altruism or warm-glow rather than from personal con-

sumption or insurance motives.

The �eld experiment was carried out between October 18 and November 21,

2005 within one of the charity�s regular fund-raising campaigns. The donors were

randomly divided into two treatment groups, where 553 donors were reached in

the �rst group and 581 in the second. A telemarketing company was contracted

to make the calls according to a pre-written manuscript. Two manuscripts were

produced that were identical in all respects but the timing of the increase in

the donation. In the �rst group, Give More Now (GMN), donors were asked

to increase their donations starting from the next planned payment (November

28). In the second group, Give More Tomorrow (GMT), donors were asked

to increase their donation from January 28, 2006. The delay in the payment

between the two treatment groups was thus two months.

The results show that both mean donations and the frequency of donations

are higher in the GMT group as compared to the GMN group. The mean in-

crease in donations was 32 percent higher in the GMT group, a highly signi�cant

4Two projects presented to the monthly donors as examples of the activities they are
�nancing are (1) Working for debt relief for poor countries, and (2) Farming education for
poor individuals in Cambodia so as to make them self-reliant.
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di¤erence. Mean donations conditional on giving were also signi�cantly higher

in the GMT group as compared to the GMN group, the di¤erence being 19

percent. The frequency of increases in donations was 11 percent higher in the

GMT group, but the di¤erence is not statistically signi�cant.

Furthermore, data on donor characteristics is used to perform several ro-

bustness tests. The data consists of the age and sex of the donor and the sum

donated before the experiment. After controlling for donor characteristics, the

GMT treatment is still highly signi�cant in all speci�cations. Moreover, age

and gender are negatively correlated with the level of donations, but the e¤ect

is only signi�cant for age. The original sum donated is not correlated with the

increase in donations.

These �ndings are signi�cant for several reasons. First, it shows that donors�

behavior is consistent with a model combining present-biased preferences with

charitable giving. This gives further evidence that present-biased preferences

are an important phenomenon in many economic decisions. The e¤ect of the

GMT strategy is not only statistically signi�cant, but also economically large.

Second, the GMT strategy is highly pro�table for the charity. A simple

calculation reveals that it takes six months of the higher donations in group

GMT to compensate for the two months lost. Considering that the average

monthly donor remains with the charity for seven years, the GMT scheme is

clearly pro�table. A revenue maximizing charity should thus consider present-

biased preferences among donors.

Third, the results are found in a �eld experiment. It was implemented as part

of a regular fundraising campaign among the existing donors of a well-known

charity. The external validity is therefore high.

The remainder of this paper is organized as follows. Section 2 presents

the model and section 3 reviews the related literature. Section 4 describes the

experimental design, while section 5 presents the results. Section 6 provides a

brief discussion and concludes.

2 The model

This section presents a simple framework to explain how donors�optimal con-

tribution can be a¤ected by present-biased preferences. The model combines

a model of warm-glow giving (Andreoni, 1989, 1990) with a model of present-

biased preferences (see, e.g., Rabin and O�Donoghue, 1999).

Charitable contributions have been modeled as an individual deciding how
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much to contribute to a public good.5 Even if the recipients of the charity are

individuals who receive a private good, charitable giving, motivated by altruism,

creates a public good out of charity. The fact that others feel altruistic toward

these individuals means that private consumption of these goods becomes a

public good. It is not possible to prevent non-contributors from also bene�ting,

nor is there a cost associated with others enjoying these bene�ts. The output

of the charity is thus non-exclusive and non-rival in consumption.6

In the �eld experiment, a donor decides how much to contribute to foreign

aid. The projects �nanced by Diakonia aim at supporting long-run sustainable

development. To emphasize this fact, the charity has chosen to call the monthly

donors "Sponsors for Change". Thus, there is a delay between the contribution

(the cost) to the charity and the bene�t from contributing (the realization of

the public good).

There is, however, a second bene�t from contributing to the charity, which

is the warm-glow the donor may derive from giving. The warm-glow will be

experienced at the time of committing to giving. This idea was �rst mentioned

by Andreoni and Payne (2003) who write that "a commitment to a charity may

yield a warm-glow to the givers before they actually mail the check. Hence, the

bene�ts can �ow before the costs are paid". In the experiment, we can expect

the warm-glow to be realized (1) at the time of payment in the GMN treatment

and (2) at the time of commitment to giving in the GMT treatment.

Thus, we have two bene�ts from giving; the realization of a public good and

the warm-glow from giving. In the GMN treatment, the delayed realization

from the public good may cause donors to procrastinate and/or give less than

the optimal amount. In the GMT treatment, the cost is delayed to help time-

inconsistent donors overcome procrastination. Furthermore, the warm-glow now

occurs before the payment. These two e¤ects reinforce each other to increase

donations in the GMT treatment as compared to the GMN treatment.

This section �rst presents donors�intertemporal preferences, and then turns

to their instantaneous preferences. Finally, we combine the two models and

compare the two cases tested in the �eld experiment. What is the optimal

contribution when individuals are asked to "give more now" and when they are

asked to "give more tomorrow"?

5See Hochman and Rodgers (1969) and Kolm (1969) for the �rst papers that argue that
charitable giving, motivated by altruism, creates a public good out of giving.

6For a more thorough discussion on this topic, see, e.g., Andreoni (2004) or Vesterlund
(2006).
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2.1 Charitable giving and intertemporal preferences

Assume that there are n individuals in the economy. Let uit be a person i�s in-

stantaneous utility in period t. A person in period t cares about her present util-

ity, but also about her future instantaneous utilities. Let U ti (uit; uit+1; :::; uiT )

represent person i�s intertemporal preferences from the perspective of period

t; where U ti is continuous and increasing in all components. The standard

model in economics is exponential discounting. For all t; U ti (uit; uit+1; :::; uiT ) �
�T�=t�

�ui� ;where � 2 (0; 1] is a "discount factor".
Exponential discount functions capture that individuals are impatient, but it

assume that they are time consistent, i.e. a person�s relative preferences for well-

being at an earlier date over a later date are the same notwithstanding when she

is asked. But intertemporal preferences might not be time consistent. Instead,

people tend to exhibit a special type of time-inconsistent preferences that are

called present-biased (O�Donoghue and Rabin, 1999). When considering trade-

o¤s between two future moments, present-biased preferences give a stronger

relative weight to the earlier moment as it gets closer. Present-biased preferences

can be represented by: for all t;

U ti (uit; uit+1; :::; uiT ) � uit + ��T�t�=1�
�ui;t+� (1)

where 0 < �; � � 1: In this model, � represents long-run, time-consistent

discounting while � represents a "bias for the present". If � = 1; then preferences

become exponential, while � < 1 implies present-bias preferences.

2.1.1 Charitable behavior

The model employs Andreoni�s (1989, 1990) model of warm-glow giving to char-

acterize charitable behavior. In this model, individuals do not only care about

the overall provision of a public good, but also about the act of giving. This

is thus a model of impure altruism from which the cases of pure altruism and

pure warm-glow giving can be derived as special cases.7

Assume that each individual i in period t consumes a composite private good

xit and a public good G: Let an individual�s contribution to the public good

7A donor is said to be purely altruistic if she only cares about the public good while pure
warm-glow giving implies that the donor is only motivated by warm-glow and does not care
about the overall level of the public good.
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in period t be git and de�ne Gt =
Pn

i=1 git. The feature that the individual

does no not only care about the provision of the public good, but also about the

warm-glow git from her own donation is captured by directly adding an individ-

ual�s donation in the utility function: uit = uit(xit; Gt; git): For simplicity, it is

standard in the literature to assume that there is a simple linear technology that

implies a one-to-one transformation from private good to public good (Andreoni

2004). Furthermore, each individual is endowed with money income, mit. The

donor�s budget constraint is xit + git = mit: The donor then faces the following

optimization problem:

max
x;g
uit = uit(xit; Gt; git) (2)

s:t. xit + git = mit

Gt =
Pn

i=1 git

git � 0

The model is solved by assuming a Nash equilibrium, i.e., it is assumed that

each person i solves the maximization problem taking the contributions of the

others as given. Let G�i =
P

i 6=j gi = G� gi equal the total contributions of all
individuals except person i. Then, under the Nash assumption, each person i

treats G�i as independent of gi. Add G�i to both sides of the budget constraint

and to the fourth constraint. The optimization problem can be written with

each individual choosing Gt rather than git:

max
x;G

uit = uit(xit; Gt; Gt �G�it) (3)

s:t: xit +Gt = mit +G�it

Gt =
Pn

i=1 git

Gt � G�it

To illustrate how warm-glow can a¤ect the level of charitable contributions,

assume that the n individuals have identical Cobb-Douglas preferences and iden-

tical incomes mit = m that do not change over time. The instantaneous utility

function for person i in each period t is then

uit = lnxit + �1 lnGt + �2 ln git (4)
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where �1 is the pure altruism weight, i.e. how much the donor cares about

the overall level of the public good, and �2 is the weight the individual assigns

to warm-glow.

We analyze the case with three time periods. In each period, the donor has

exogenous income m. In the �rst period, the donor must commit to how much

to contribute to the public good and the warm-glow from giving is received at

the time of commitment. The actual payment will be made in either the �rst or

the second period, while the public good is realized in the third and �nal period.

It is assumed that the donor can make a credible commitment to giving. This is

a strong, but realistic assumption in this setting. In the experiment, the amount

the donor has committed to giving is automatically withdrawn from the donor�s

bank account and donors do not default.

We compare the two cases investigated in the �eld experiment where an

individual is asked to either "Give More Today" or to "Give More Tomorrow".

The di¤erence between the two cases is re�ected in donors�budget constraint.

In the �rst case, donors make a contribution in the �rst period while in the

latter case, the contribution is deducted in the second period.

2.1.2 Behavior with Immediate Payment

This section analyzes the case where donors are asked to increase their pay-

ments immediately. In the �rst period, the donor decides on how much to give,

makes the payment and receives the warm-glow from giving. The public good

is realized in the third period. Substituting the instantaneous utility into the

intertemporal utility function, we get:

max
x;G

U t(ui1; ui2; ui3) � lnxi1 + �2 ln gi1 + ��[lnxi2] + ��2[lnxi3 + �1 lnG] (5)

s:t: xit +G�G�i = m t = 1

xit = m t = 2; 3

Inserting the BC into the utility function and solving for the �rst-order

condition give:

� 1

m�G+G�i
+ �2

1

G�G�i
+ �1

��2

G
= 0 (6)
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Since individuals are identical, the Nash equilibrium gift will be the same

for all i, thus G = ng�: The optimal contribution will then be:

g�GMN =
�1��

2m=n+ �2m

1 + �1��
2=n+ �2

(7)

Taking �rst derivatives, we see that g�GMN is increasing in m, increasing in

�1 (the parameter of pure altruism), increasing in �2 (the parameter indicating

warm-glow), and decreasing in n (the number of donors). It is also increasing

in � indicating that the more patient is the donor in the short run, the more

she gives. Equally, it is increasing in � indicating that the more patient is the

donor in the long run, the more she gives.

2.1.3 Behavior with delayed payment

This section analyzes what happens if the charity adopts a Give More Tomorrow

Strategy (GMT). In the �rst period, the donor makes a commitment on how

much to give, and receives the warm-glow for giving. In the second period, the

donor makes the payment and the public good is realized in the third period.

The donor now faces the following optimization problem:

max
x;G

U t(ui1; ui2; ui3) � lnxi1 + �2 ln gi1 + ��[lnxi2] + ��2[lnxi3 + �1 lnG] (8)

s:t: xit +G�G�i = m t = 2

xit = m t = 1; 3

Once more inserting the BC into the utility function and solving for the

�rst-order condition give:

�2
1

G�G�i
� ��

m�G+G�i
+ �1

��2

G
= 0 (9)

The Nash equilibrium contribution is:
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g�GMT =
�1��

2m=n+ �2m

�� + �1��
2=n+ �2

(10)

Once more, taking �rst derivatives, we see that g�GMT is increasing in m, in-

creasing in �1 (the parameter of pure altruism), increasing in �2 (the parameter

indicating warm-glow), and decreasing in n (the number of donors). However,

it is now decreasing in �; indicating that the less patient the donor is in the

short run, the more she gives. The e¤ect of �; the long-run discounting, is am-

biguous and depends on the relative strength of the warm-glow parameter �2
as compared to the pure altruism parameter �1:8

Furthermore, the only di¤erence between the optimal contributions in the

GMN and GMT treatments is the term �� in the denominator in (2.10). Thus,

we have that g�GMT > g
�
GMN . The di¤erence between the GMT and the GMN

treatments will be greater if donors have present-biased preferences (0 < � < 1;

and � < �) as compared to the case with time-consistent preferences (� = 1).9

A special case, which nicely shows the intuition behind the experiment is

when � = 1, i.e. when we can assume there to be no long-term discounting

(cf. Akerlof, 1991; O�Donoghue and Rabin, 1999). In the �eld experiment, the

delay between the commitment and the payment is a matter of months and

a reasonable approximation is then that � = 1. In this case, for individuals

with present-bias preferences 0 < � < 1, it follows that g�GMT � g�GMN > 0. If

individuals are time consistent (� = 1); then g�GMT = g
�
GMN :

The model predicts that donors with present-biased preferences will give

more in the GMT treatment, compared to the GMN treatment, while donors

with time-consistent preferences will give the same amount in the two treat-

ments.10

2.1.4 Pure Altruists versus Warm-glow Givers

The above analysis assumes that individuals are impure altruists motivated by

the realization of the public good and the warm-glow from giving. However,

8 �gGMT
��

=
�mn(�1��

2��2n)
(�2n+��n+���1)2

.

9g�GMT � g�GMN =
(1���)[�2mn2+�1��2mn]

(��n+�2n+�1��2)(n+�2n+�1��2)
10 If � < 1; the prediction will be that the di¤erence between the GMT and the GMN

treatment will be larger for donors with present-biased preferences as compared to time-
consistent donors. How large this di¤erence is will depend on the degree of present-bias
among donors, i.e. the size of �: The smaller the �; the higher is the di¤erence between the
two treatment groups.
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individuals might be pure altruists only motivated by the public good, or they

might be solely motivated by the warm-glow from giving. We will call this

latter group "warm-glow givers".11 Does this a¤ect the predicted outcome in

the experiment?

The optimal level of contribution if all givers are pure altruists (�2 = 0) is, in

the GMN case, g�GMN =
�1��

2m=n
1+�1��2=n

, and in the GMT case, g�GMN =
�1��

2m=n
��+�1��2=n

:

Making the same assumption as above that � = 1;. i.e. that the long-run

discount factor can be approximated by 1, we see that, for individuals with

present-bias preferences, 0 < � < 1, it follows that g�GMT � g�GMN > 0: For

time-consistent individuals (� = 1); g�GMT = g
�
GMN :

If, on the other hand, all givers are warm-glow givers (�1 = 0);the optimal

giving is, in the GMN case, g�GMN = �2m
1+�2

, and in the GMT case, g�GMT =
�2m
��+�2

. Once more, for individuals with present-bias preferences 0 < � < 1, it

follows that g�GMT � g�GMN > 0; and for time-consistent individuals (� = 1);

g�GMT = g
�
GMN :

Hence, whether donors are motivated by pure altruism, impure altruism or

warm-glow giving does not a¤ect the prediction of behavior in the experiment.

If donors have present-biased preferences, the GMT treatment should increase

donations compared to the GMN treatment. If donors are time consistent, the

GMT treatment should have no e¤ect on donations.12

3 Review of related literature

To our knowledge, there are no studies investigating intertemporal choice in the

context of charitable giving. There are, however, some studies using randomized

�eld experiments to examine other aspects of charitable giving and two �eld

studies on present-bias preferences and savings. This section �rst reviews the

�eld experiments in the literature on charitable giving and then turns to the

literature on intertemporal choice and the �eld studies of savings and discusses

how these are related to our study.

11Note that, in the case of impure altriusm, the impact of pure altruism will become small
as the number of donors grows large. As n!1, donors will only be motivated by warm-glow.
This is consistent with the model in Ribar and Wilhelm (2002).
12Once more, if � < 1; the prediction will be that the di¤erence between the GMT and

the GMN treatment will be larger for donors with present-biased preferences compared to
time-consistent donors. How large this di¤erence is will depend on the degree of present-bias
among donors, i.e. the size of �: The smaller the �; the larger is the di¤erence between the
two treatment groups.
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The �eld experiments related to charitable giving have investigated di¤erent

aspects of the demand side of soliciting donations from private donors. List

and Lucking-Reiley (2002) investigate the e¤ects of seed money13 on charitable

giving, while Falk (2004) studies charitable giving as a gift exchange. Landry

et al. (2005) approach nearly 5000 households in a door-to-door fund-raiser.

They �nd that asking donors to participate in a lottery raised approximately

50% more in gross proceeds than the voluntary treatment.

This study employs the same methodology as the above mentioned �eld

experiments. The experiment is carried out in collaboration with a real chari-

table organization and donors are randomly allocated into di¤erent treatment

groups. This �eld experiment, however, investigates a very di¤erent aspect of

donor behavior as compared to previous studies.

Laboratory studies of intertemporal choice typically ask a donor to choose

between a smaller, more immediate reward and a larger, more delayed reward.

The researcher then varies the delay and the amount of the reward. A classic

example would be to �rst ask a subject to choose between $10 today and $

12 in two days. Most subjects then prefer the immediate payment. When

asked to choose between $10 in a week and $ 12 in one week and two days,

the majority of subjects now choose the latter option. This behavior would

imply time-inconsistent preferences. Frederick et al. (2002) provide an excellent

review of these types of studies. In this �eld experiment, there would ideally be

three treatment groups asking donors in the di¤erent groups to increase their

donation (1) immediately, (2), in two months, and (3) in four months. If we

could observe a di¤erence between immediate payment and payment in two

months, but not between two months and four months, this would be evidence

of time-inconsistency. The �eld setting only allows us to use immediate payment

versus payment in two months. The result could thus re�ect a normal discount

rate and does not have to imply time-inconsistency. The magnitude of the

implied discount rate will indicate whether the result re�ects normal long-run

discounting or a bias for the present.

The �eld study closest to the one in this paper is that by Thaler and Benartzi

(2004). They design and implement the Save More Tomorrow (SMarT) plan,

which o¤ers employees to commit in advance to allocating a portion of their

future salary increases toward retirement savings. The precommitment helps

13Seed money implies that the charity �rst raises part of the money required for a project
before they solicit money from the general public. The fact that other donors have already
contributed sends a signal to the donors that it is an important project and more donors are
then likely to follow as shown in the study.
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individuals with present-bias preferences overcome their self-control problem,

while starting at the time of the next salary increase hinges upon the assumption

of loss aversion.

A related study is conducted by Ashraf et al. (2006) as a �eld experiment

in the Philippines. The SEED (Save, Earn, Enjoy Deposits) scheme helps indi-

viduals increase their savings by o¤ering an enforceable commitment device14

in collaboration with a local bank.

Both the SMarT and the SEED plan o¤er strong evidence that these com-

mitment devices help individuals save more. The SMarT plan was implemented

at three independent companies. For instance, in the �rst company investigated,

the average savings rates for SMarT participants increased from 3.5 percent to

13.6 percent in the course of 40 months. Over twelve months, the SEED plan in-

creased average savings balances by 80 percent for the treatment group, relative

to the control group. Both programs thus seem to have had a lasting impact on

the participants�savings.

How is this study related to the �eld studies of savings? The design is closer

to that of Thaler and Benartzi (2004) rather than that of Ahraf et al. (2006).

Consistent with the SMarT plan, individuals are asked to commit now, but

"pay" in the future. However, this paper di¤ers from the SMarT plan in three

important respects; (1) The context of charitable giving presents a di¤erent

range of costs and rewards compared to savings. (2) There is no self-selection

problem since donors are randomly selected into di¤erent treatment groups. (3)

We isolate the pre-commitment e¤ect and do not take into account loss aversion.

Other key features of this experiment are discussed in the following section.

4 Experimental Design

The �eld experiment was carried out in collaboration with Diakonia, one of

the largest and most well-known charities in Sweden. Diakonia focuses on in-

ternational aid. According to its policy document, "Diakonia is a Christian

development organization working together with local partners for a sustain-

able change for the most exposed people of the world" (Diakonia, 2006). It is

�nanced through private donations, but does also receive considerable support

from the Swedish development agency SIDA. It has more than two thousand

monthly donors. The monthly donors are called "Sponsors for Change" to em-

14The commitment device is a bank account, which restricted access to the deposits until
the individual holding the bank account had reached a targeted savings goal.
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phasize the charity�s goal to in�uence long-term sustainable development. This

section describes how the �eld experiment was implemented, its key design fea-

tures and �nally the hypotheses tested.

4.1 Implementation

The experiment took place within one of the Charity�s regular fund-raising cam-

paigns and aimed at increasing the donors�monthly contributions. It targeted

more than 1200 existing monthly donors. The targeted donors were chosen on

basis of their not already having increased their donation in the past year and

that they were less than 80 years old.

A telemarketing company, specializing in helping charitable organizations,

was contracted to call the donors and ask them to increase their donations. The

callers followed a pre-written manuscript where they �rst thanked the donors

for contributing to the Charity and then asked if they would consider increasing

their monthly donation. Two manuscripts were produced that were identical in

all respects but the timing of the increase in the donation.

The donors were randomly divided into two treatment groups. The di¤er-

ence between the two treatment groups was the timing of the increase in the

donation. The experiment was carried out between October 18 and Novem-

ber 21, 2005. The monthly contributions are automatically deducted from the

donor�s account on the 28th of every month. In treatment one, the �rst increase

in the monthly donation then took place on November 28, while in treatment

two, the �rst increase occurred on January 28. The delay in payment between

group GMN and group GMT was thus two months. The following citation

shows the di¤erence in language between treatment one and treatment two.

Treatment 1: Give More Now (GMN). "We would like to ask you,
who are a Sponsor for change, if you have the possibility of increasing your

contribution?"

Treatment 2: Give More Tomorrow (GMT). "We would like to ask
you, who are a Sponsor for change, if you have the possibility of increasing your

contribution beginning in January 2006?"

If the donor said no, the caller thanked him/her for the current support. If

the donor was hesitant, the caller emphasized that any amount, no matter how

small, would be valuable and appreciated. If the donor agreed to increase the

donation, the caller informed him/her that a letter con�rming the change would

be sent to the donor, repeating the agreed upon increase in the donation and

14



the date when the �rst increase would occur15 . The caller then thanked the

donor for her support and wished the donor a pleasant evening/day.

4.2 Key design features

There are three key features of the experimental design; the timing of the in-

crease in the donation, the use of donors that give monthly contributions, and

the absence of a binding commitment device.

First, what is the optimal delay between commitment and payment in the

GMT group? On the one hand, the lag should be long enough to overcome

present-biased preferences. On the other hand, it should be as short as possible

to minimize the cost to the charity. In collaboration with the charity, we chose

the lag to be two months, as one month might have been too short to overcome

present-bias and three months were potentially unnecessarily expensive for the

charity. The charity�s fund-raising campaign was planned for late October and

beginning of November. A two-month lag thus implied January. There was,

however, no particular emphasis or justi�cation given to donors for this time

lag.

Second, monthly donors were targeted. This was done to minimize the

di¤erence in total cost between the two treatment groups. For a donor who

contributes every month for many years, the cost di¤erence between the GMN

and GMT treatments is negligible. Moreover, the pro�tability of the GMT

strategy hinges upon donors giving over a longer time period. A company that

asks buyers to "Buy Now, Pay Later" will generally demand high interest rate

payments to compensate for the money lost during the lag between the purchase

and the payment. A charity does not have that option. The pro�tability of the

GMT scheme will depend on whether there is a positive e¤ect on donations and

whether this e¤ect is su¢ ciently large to make up for the two months between

commitment and payment.

Third, there is no binding commitment device available to the charity. The

charity asks donors to make monthly contributions, but the donor is always

free to opt out or reduce her contribution.16 However, there seems to be a

substantial status quo bias in donor behavior. The average monthly donor

15Note that the letter was sent only to inform the donor of the change. The donor did
not have to send any information back to the charity. Since the donor had already given
the charity its bank account number, the charity could directly implement the agreed upon
change in the monthly contribution.
16There are some charities that demand a minimum monthly contribution, but many char-

ities, including this one, do not.
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remains with this particular charity for seven years and, unless asked to, it is

rare that donors change the level of their monthly contributions (neither upwards

nor downwards).17

4.3 Hypotheses

The results can be analyzed both by the level of donations and the frequency

of donations. The main assumption to be tested is that a delay in the �rst

payment increases mean donations against the alternative that there is no e¤ect

of the delay. Let xij denote a donation of donor j (j = 1; :::; n) in treatment

i (i = 1; 2); where treatment 1 is the "Give More Now" group and treatment

2 is the "Give More Tomorrow" group. Furthermore, let �i denote the mean

increase in treatment i and let fi denote the frequency of positive donations in

treatment i:When a donor decides to increase his/her monthly contribution, we

say that a donor upgrades the contribution. Then, we test the following three

main hypotheses about donor behavior.

H1: The increase in donations is higher when donors are allowed to postpone

the �rst payment. In other words, the average increase should be higher in

treatment 2 (GMT) than in treatment 1 (GMN). Hence, we get the following

null hypothesis H1 : �1 = �2.

H2: The increase in donations is higher when donors are allowed to postpone

the �rst payment, conditional on upgrading. In other words, the average increase

should be higher in treatment 2 (GMT) than in treatment 1 (GMN) among

the donors that upgrade their contributions. Hence, we get the following null

hypothesis H2 : (�1jx1j > 0) = (�2jx2j > 0).
H3: The frequency of positive donations is higher when donors are allowed

to postpone the �rst payment. The frequency of donors should therefore be

higher in treatment 2 (GMT) than in treatment 1 (GMN). We get the following

null hypothesis H3 : f1 = f2:

The three hypotheses are tested against the alternative that the mean in-

crease in donation is not equal. If, as hypothesized above, mean contributions

are higher when the payment is delayed, i.e. if we can reject the null hypothe-

ses that the increases in contributions are independent of the treatment, we

may conclude that there is such a thing as a postponement e¤ect increasing the

willingness to give.

17We will follow up the two treatment groups after six months to investigate whether there
are any di¤erences in drop out rates between the two groups.
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5 Results

More than 1200 donors were called, 553 of which were reached in group GMN

and 581 in group GMT. The total number of observations was thus 1134. This

section �rst presents the summary statistics from the experiment and then turns

to the statistical analysis and robustness tests. Furthermore, we test how donor

characteristics in�uence the level of donations and whether men and women

respond di¤erently to the GMT strategy.

5.1 Descriptive statistics

More than 30 percent of the donors contacted through the fund-raising campaign

agreed to increase their donations. Figure 1 shows the distribution of donations

conditional on upgrading. The median increase in donations was SEK 50 in both

treatment groups. However, increases of SEK 100 or more were more common

in group GMT relative to group GMN.

Table 1 gives the summary statistics for the experiment. Mean donations

were 32% higher in the GMT group relative to the GMN group. This result is

driven by the fact that both average donations and the frequency of donations

were higher in the GMT treatment. Mean donations conditional on upgrading

were 19% higher, while the frequency of donations was 11% higher.

Table 1: Summary Statistics
Treatment group GMN GMT Treatment e¤ect
Increase in mean donation (SEK) 18.6 24.64 32.4%
Standard Deviation 35.84 45.58
Number of observations 553 581

Increase in mean donations,
conditional on upgrading (SEK) 60.53 72.30 19.4%
Standard deviation 40.54 51.52
Number of observations 170 198

Share of donors upgrading 30.7% 34.1% 11.1%

Furthermore, data on donor characteristics is presented in table 2. The

average (median) age of the donor participating is 55 (58) years in the GMN

treatment and 59 (61) in the GMT treatment. The average (median) contribu-

tion before the fund-raising campaign took place was SEK 148 (100) and SEK
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Figure 1
Distribution of donations, conditional on giving
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133 (100) in the GMN and GMT groups, respectively18 . Women are somewhat

overrepresented in the GMT group at 60 percent compared to 52 percent in

the GMN treatment. Despite the randomization, there are some di¤erences in

donor characteristics.19 This could cause the results to be biased if women and

men behave di¤erently or if age is of importance for charitable behavior. To test

whether this is the case, section 5.3 presents the results from regressing the in-

crease in donations on a treatment dummy, controlling for donor characteristics

using OLS and Tobit regressions.

Table 2: Donor characteristics
Treatment group GMN GMT Full sample
Average age 55 59 57
Median age 58 61 60

Average contribution 148 133 141
Median contribution 100 100 100

Share women 52% 60% 56%

5.2 Statistical analysis

This section presents the results from the statistical analysis of the experimental

results. Since most donors did not increase their donations, the distribution

of increases in donations is highly skewed towards zero. To test equality of

means, double-sided t-tests and the non-parametric bootstrap method are used.

Unlike t-tests, bootstrapping does not require that the underlying population is

normally distributed, only that the observed distribution of the sample is a good

estimate of the underlying population distribution (Efron and Tibshirani, 1993).

The bootstrapping method consists of drawing with replacement N independent

bootstrap samples from the observed sample. Each new sample is of the same

size as the observed sample. For each bootstrap replication, a t-test is calculated.

18SEK 100 ' USD 12.
19We test whether there are any signi�cant di¤erences in donor characteristics between

the two treatment groups. Using t-tests, we cannot reject that the mean donation before
the experiment is the same in the two treatment groups (p=.20), but we can reject that the
average age (p=.00) and the frequency of women (p=.01) are the same in the two treatment
groups.
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The p-value is based on the number of times the bootstrapped t-test is greater

or equal to the original t-test calculated from the observed sample. For the

results reported in table 3, 5099 bootstrap replications are used.

Table 3: Bootstrapping, T-test and Pearson chi2
Bootstrap T-test Pearson chi2

Null Hypothesis �1 = �2 �1 = �2 f1 = f2

Full sample
p-value .0096 .013 .23
Number of observations 1134 1134 1134

Conditional on giving
p-value .014 .015
Number of observations 368 368

Table 3 also reports the Pearson�s chi2 test, which is used to test the equality

of frequency of donors upgrading in the two treatment groups (D�Agostino et

al., 1988). The null is that the frequency of increases in donations is the same

in the two treatment groups.

Hypothesis 1 and hypothesis 2 that say that mean donations are equal in

the two treatment groups for (1) the full sample and (2) the sample conditional

on upgrading can be strongly rejected. The t-tests reject the null hypothesis of

equal means in groups GMN and GMT for the full sample (p=0.013) as well

as conditional on upgrading (p = 0.015). Bootstrapping con�rms this result.

Table 3 shows that we can reject the hypothesis of equal means, both for the

full sample (p < .01) and for the reduced sample conditional on upgrading (p

= .014). Hence, the e¤ect on mean donations of allowing donors to Give More

Tomorrow is both statistically signi�cant and economically large.

Furthermore, the frequency of donations was higher in the GMT treatment

relative to the GMN treatment. It is, however, not possible in a double-sided

Pearson�s chi2 test to reject the third hypothesis that the frequency of donations

is equal in the two treatment groups (p=0.23). The signi�cant increase in mean

donations was thus mainly driven by an increase in the level of donation, rather

than the frequency of donors upgrading.

Is the treatment e¤ect su¢ ciently large to make this strategy pro�table for

the charity? Allowing donors to postpone the increase in donation for two

months reduces the short-run revenue of the charity. It takes approximately six

months of the higher level of donations in group GMT to make up for the two-

month delay in payment. More speci�cally, donors in the GMN group increase

their contributions from November and those in the GMT group from January,
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and the GMT group will thus be pro�table in July. From then onwards, the

GMT strategy will yield 32% higher donations each month relative to the GMN

group. The average "Sponsor for Change" makes monthly contributions for

seven years. The GMT strategy is thus highly pro�table for the charity.

5.3 Regressions controlling for observed characteristics

To control for donor characteristics, this section regresses the increase in dona-

tions on a treatment dummy and the observed donor characteristics. We �rst

run OLS regressions with robust standard errors on the full sample (OLS1) and

the sample conditional on upgrading (OLS2). However, since the full sample is

censored from below at zero, we also perform a Tobit regression.

The data includes information on the sex and age of the donors and their

monthly contribution before the experiment. These donor characteristics can

potentially in�uence behavior in the experiment. In laboratory experiments,

such as the dictator game and ultimatum games, women tend to donate more

than men.20 Laboratory evidence on age is scarce.21 On the one hand, an

income e¤ect could cause older, retired donors to give less than younger indi-

viduals. On the other hand, many wealthier individuals turn to philanthropy at

an older age. The e¤ect of the sum donated before the experiment is not clear

either. The original donation can be seen as a proxy for generosity, but it could

equally re�ect an income e¤ect. It is thus a weak proxy for generosity.22

An additional explanatory variable, labeled "nix", is used in the regressions.

It is a dummy that equals one for those donors who generally do not want to

be approached by telephone salesmen, but who have given their phone num-

bers to the charity. These donors might be more negative towards fund-raising

campaigns conducted by telephone, and can therefore be expected to give less.

The results are presented in table 4. A few results are noteworthy. First,

the treatment dummy is signi�cant in all speci�cations. The coe¢ cient on the

treatment dummy in OLS1 (p<0.01) implies that the mean donation is SEK

7.21 higher on average in the GMT treatment relative to the GMN treatment.

The treatment e¤ect is higher than in the experiment, where the di¤erence is

SEK 6.03.
20See, e.g., Camerer (2003) for an overview of this literature.
21There is some evidence on younger children, but evidence on other age groups is rare. See

Camerer (2003) for an overview of existing literature.
22 Ideally, we would have collected data on income and wealth, but the charity does not have

that kind of information about their donors. The fact that the study is a �eld experiment
makes it impossible to collect the data through a questionnaire.
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Table 4: Donors characteristics and sum donated: OLS and Tobit
Dependent variable: OLS1 OLS2 Tobit

Increase in donation Full sample Conditional on giving Full sample
Constant 30.77*** 52.47*** -15.37

(5.86) (13.52) (15.39)

Treatment dummy 7.21*** 9.92** 16.47**
(2.53) (4.76) (7.08)

Age -.17** -.17 .-44*
(.08) (.18) (.22)

Gender -4.08 -2.44 -12.17*
(2.55) (4.76) (7.07)

Original donation .008 .18*** -.00
(.008) (.03) (.02)

Nix -6.51** -16.23*** -12.41
(2.57) (4.39) (8.02)

F-test 2.85 11.02 11.37
p-value (.01) (.00) (.04)
R2 .017 .173 .002
Number of observations 1134 368 1134
Note: Robust standard errors in parentheses.

Second, the gender dummy (which is equal to one for women and zero for

men) is negatively correlated with an increase in donations. The e¤ect is large,

but insigni�cant in all speci�cations except the Tobit regression (p<0.10). Con-

trary to previous experimental results, women seem less generous than men.

This result could be driven by the fact the women, on average, have a lower

income than men.

Third, age is negatively correlated with the increase in the sum donated in

OLS1 and Tobit, indicating that older donors give less. The e¤ect is signi�cant,

but small.

Fourth, increases in donations do not seem to be determined by the level of

contribution before the experiment. The coe¢ cient on the original sum donated

is close to zero and insigni�cant in OLS1 and Tobit. In OLS2, where only donors

upgrading their contributions are included, the coe¢ cient is highly signi�cant

(p<0.01) and positive. The e¤ect is very small, however.

Fifth, the variable "nix", indicating reluctance against telephone campaigns

is as expected negatively and signi�cantly correlated with the increase of the
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sum donated. It is noteworthy that many of the donors in this category did

increase their donations.

The OLS and Tobit regressions show that the main result, that the GMT

strategy has a positive and signi�cant impact on donations, is robust to control-

ling for donor characteristics. Moreover, we see in some cases, donor character-

istics are weakly related to charitable behavior. Women and older individuals

tend to give less. These are also the groups that are somewhat over-represented

in the GMT group, which could lead to a downward bias in the experimental

results. If anything, the magnitude of the GMT e¤ect was underestimated in

the experiment.

5.4 Gender di¤erences

The previous section analyzed the e¤ect of donor characteristics on the level

of donations controlling for a treatment e¤ect. In this section, we investigate

whether men and women respond di¤erently to the GMT treatment itself. More

speci�cally, do women and men exhibit di¤erent degrees of present-bias in their

preferences?

There is some evidence that this might be the case. Ashraf et al. (2006) con-

duct a baseline survey before implementing the SEED plan in the Philippines,

which indicates that women exhibit a lower discount rate for the future relative

to current trade-o¤s. The study also shows that women, to a larger extent than

men, use the commitment savings scheme o¤ered in the experiment.

Table 5 presents summary statistics for this experiment, showing the increase

in donations for men and women separately. Considering the full sample, we

note that the treatment e¤ect is a 39 percent increase in donations for men,

while the corresponding e¤ect is 30 percent for women. The treatment e¤ect

conditional on upgrading is considerably larger for men at 29 percent, versus 13

percent for women.

To investigate whether the treatment e¤ect is signi�cant for men and women

separately, we once more use t-tests and bootstrapping. The null hypothesis is

that mean donations are equal in the two treatment groups (1) for the full

sample, and (2) conditional on upgrading. The results are presented in table 6.

We see that the di¤erence in the donation is signi�cant for men both for the

full sample (p = 0.06) and conditional on giving (p = .04). The di¤erence is

signi�cant for women only for the full sample (p = .09) and not for the sample

conditional on upgrading (p = .23). The corresponding t-tests give the same

results.
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Table 5: Summary statistics, gender di¤erences
Treatment group GMN GMT Treatment

e¤ect
Men
Increase in mean donation (SEK) 20.0 27.8 38.6%
Standard Deviation 35.2 53.9
Number of observations 268 235

Increase in mean donations,
conditional on giving (SEK) 60.3 77.7 28.7%
Standard deviation 36.1 65.4
Number of observations 89 84

Women
Increase in mean donation (SEK) 17.3 22.5 30.4%
Standard Deviation 36.4 38.8
Number of observations 285 346

Increase in mean donations,
conditional on giving (SEK) 60.7 68.3 12.5%
Standard deviation 45.1 38.0
Number of observations 81 114

Finally, table 6 also presents the result from testing whether the treatment

e¤ect is higher for men than it is for women. The null hypothesis is that the

increase in donations in response to the GMT treatment is equal for men and

women. For the full sample, we cannot reject that the treatment e¤ect is of

the same magnitude for men and women (p>.10). However, conditional on

upgrading, we can reject that men and women respond equally to the treatment

e¤ect (p<.01). The result indicates that both men and women exhibit present-

bias preferences, but that the e¤ect is larger for men than it is for women.

The increase in donations for men is mainly driven by an increase in donations

conditional on upgrading, while for women the overall positive e¤ect is driven

by an increase in the frequency of donations.

5.5 Age di¤erences

As with gender, we want to test whether age may in�uence the response to

the treatment in the experiment. There are potentially two channels through

which age may a¤ect behavior. First, learning may move individuals from hav-

ing present-biased preferences towards time-consistency. If time-consistency in-

creases with age, we should see that the di¤erence between donations in the
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Table 6: Bootstrapping, T-tests, Gender di¤erences
Bootstrapping T-test T-test
Men Women Men Women Di¤erence

Null Hypothesis �1 = �2 �1 = �2 �1 = �2 �1 = �2 4�m = 4�w
Full sample
p-value .06 .09 .06 .08 >.10
Number of observations 503 631 503 631 1134

Conditional on giving
p-value .04 .23 .03 .22 <.01
Number of observations 173 195 173 195 368

GMN and the GMT treatments should be smaller for older donors as compared

to younger ones.

Second, the number of months that the donor expects to continue giving

should be shorter, the older is the donor. This should cause older donors to give

more, on average, than younger ones.

Table 7: Summary statistics, age di¤erences
Treatment group GMN GMT Treatment T-test

e¤ect �1 = �2
p-value

Young, age <30
Increase in mean donation (SEK) 15.9 22.2 39.7% .63
Standard Deviation 50.3 56.9
Number of observations 55 27

Middle aged, 30�age�60
Increase in mean donation (SEK) 22.1 29.4 32.8% .06
Standard deviation 36.0 50.3
Number of observations 261 256

Old, age>60
Increase in mean donation (SEK) 15.3 20.8 35.3% .08
Standard Deviation 31.3 39.5
Number of observations 237 298

Very old, age>70
Increase in mean donation (SEK) 13.0 17.6 35.6% .18
Standard deviation 25.4 32.0
Number of observations 131 152

Table 7 presents summary statistics for donors by age group. Donors are

divided into four age groups related to their income. Young donors (age < 30)

are students and those who are relatively new in the labor force. Middle aged
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(30 � age � 60) represents most individuals participating in the labor force

while old are those aged above 60. The legal retirement age in Sweden is 65,

but the average retirement age is 61 (RFV, 2004). Finally, there is a category

"very old" (age > 70) which is a subgroup to the category "old" where the vast

majority can be expected to be retired.

We see that the treatment e¤ect is of similar magnitude in all age groups, but

only signi�cant for middle aged and old.23 These �ndings contradict learning.

Older donors respond by an equal percentage increase in donations as younger

donors. Moreover, it is not the case that older donors give more than younger

donors, which would be the case if the expected duration of giving were shorter

among older donors. Overall, we �nd no evidence of the response to the GMT

treatment di¤ering between age groups.

6 Conclusions

This �eld experiment shows that a charity can boost donations by using a

simple strategy allowing donors to precommit to future donations. The Give

More Tomorrow strategy increases mean donations by 32 percent. The e¤ect is

both statistically signi�cant and highly pro�table to the charity.

The large e¤ect of the GMT strategy indicates that at least some donors

have present-biased preferences. The �eld experiment does not control for a

preference reversal in intertemporal choice, and there are two ways in which

this result could be consistent with time-consistent discounting. One possibility

is that the donor only plans to give for at most six months, which is unrealis-

tically short compared to observed donor behavior. Another possibility is that

the donor has a per-period discount rate of approximately 0.7, which is not

consistent with other studies of intertemporal choice. On the contrary, studies

of present-biased preferences have found short-run discount rates (�) around

0.5-0.7 and long-run discount rates (�) to be about 0.95-0.97, which is more

consistent with the �ndings of this paper (Angeletos et al., 2001; Frederick et

al., 2002).

Furthermore, the GMT has a signi�cant impact on donations for both men

and women, but the e¤ect is larger for men. There are at least two possible

explanations for this gender di¤erence. On the one hand, there might be a

di¤erence in the frequency of present-biased preferences among men and women.

23The lack of signi�cance in the other two groups "young" and "very old" is due to small
sample sizes (82 and 283, respectively).
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This hypothesis has some support in other literature (Ashraf et al., 2006). On

the other hand, the gender di¤erence can be related to income. On average, men

have higher incomes than women and it might therefore be easier for men to

increase their contributions. We do see that, for men, the increase in donations

is driven by a large increase in the level of donations. For women, the result is

mainly driven by an increase in the frequency of upgrading donors, rather than

the level of donations.

What do these results suggest for future research? First, it would be inter-

esting to see more research on gender di¤erence and present-bias preferences.

Controlling for income could help shed some light on this issue. While income

data will be di¢ cult to gather in a �eld experiment, a laboratory experiment

would open up the possibility to control for such variables. Second, what is

the e¤ect of the GMT strategy if we test a di¤erent population, i.e. donors

that have not already committed to giving? This could be done, for example,

by testing the GMT strategy in a campaign aiming at recruiting new monthly

donors.

What do our results suggest for policy? From the perspective of the char-

ity, monthly donors are the most pro�table. Status quo bias seems to have

a large impact on the behavior of these donors. While loyalty and low drop

out rates are the advantages, no upward adjustment in the sums contributed

is the disadvantage. A revenue maximizing charity should therefore combine

monthly contribution schemes with fund-raising campaigns that implement the

GMT strategy. The status quo bias will prevent donors from opting out of the

scheme, while the GMT strategy will boost their monthly contributions.
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